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Presentation Outline
1 Introduction
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Two Key Challenges in Conformal Prediction

1. Resource constraints 2. Data shifts

(compute & available data)  Real world data are often not

m Computational budget: e.g., exchangeable!

extensive model retraining ) o
Common shifts between training &

m Data-availability demands: test data distributions can break
e.g., sample-splitting (which standard conformal methods.
can harm model performance,
especially in low data regime)

Sample splitting
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Our work (today and prior) is at the intersection of these challenges.
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Biomolecular Design Setting

Johns Hopkins University
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Detailed description in Fannjiang, Bates, Angelopoulos, Listgarten, and

E cient Approximate Predictive Inference Under Feedback Covariate Shift with In uence Functions




Biomolecular Design Setting

Introduction Johns Hopkins University

E cient Approximate Predictive Inference Under Feedback Covariate Shift with In uence Functions



Biomolecular Design Setting

Introduction Johns Hopkins University

E cient Approximate Predictive Inference Under Feedback Covariate Shift with In uence Functions



Biomolecular Design Setting

Introduction Johns Hopkins University

E cient Approximate Predictive Inference Under Feedback Covariate Shift with In uence Functions



Biomolecular Design Setting

Introduction Johns Hopkins University

E cient Approximate Predictive Inference Under Feedback Covariate Shift with In uence Functions






	Introduction
	Related Work: High-Level Overview
	Technical Background and Proposed Method
	Experimental Results
	Discussion
	References

